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Abstract

The purpose of this study was to study the classification of land use and land cover data from LANDSAT
satellite images by the random forest method. The SimWeight spatial model was used to create a geospatial
model for future land use and land cover forecasting in Na Thawi District, Songkhla Province. The study found
that the change in land use and land cover from 2009 to 2016 increased the rubber plantation area from 2009
by an area of 486.58 sg.km to 527.29 sq.km in 2016. The urban area and buildings have expanded from the
original in 2009 to 48.62 sg.km increased to 81.72 sg.km in 2016, and found that forest area was the most
decreasing area. In 2009, the forest area was 169.77 sg.km and in 2016. The forest area was reduced to 125.25
sg.km. Using the results to forecast land use and land cover in 2023 and 2030, it was found that urban areas
and buildings tend to increase. On the other hand, the forest area tends to decrease to 66.17 sg.km. Due to

the invasion of forest areas, which have been converted to rubber plantations. The results of the study could



be applied to land use planning and land management as well as to predict future changes in land use and

cover.
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